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TEXT AS DATA

* The large amount of data made available through online repositories, digital
archives, and Corpuses necessitate the development of digital technologies that
would be used for analysis and visualization of textual data (Patrik Svensson
2012).

* According to Miriam Posner, humanists do not think of the material they work
with as something that it exists in discrete, fungible units....In this digital age,
humanists have begun to see that books, paintings, movies, fiction, paintings, or
whatever we are studying, in the form of texts, images, or sounds, are all 'data’).
Although the understanding of 'data' varies across disciplines (science, social
science, arts, management, and engineering)

Posner M. (2015). Humanities Data: A Necessary Contradiction.



TEXT AS DATA

* With the increased amount of data publicly
available and the increased focus on
unstructured text data, understanding how
to clean, process, and analyse that text data
is tremendously valuable.

* Humanists like tried to explain what data
are and what we are to data (Mary Poovey
et. al., Raw Data Is an Oxymoron, 2013).

* Retrieving, storing and analysing digital data
is neither an easy nor quick task in the
humanities (Gabriele Griffin and Matt
Hayler, 2016)
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and truth: this some of the Ethnick philosophers were not ignorant of; therefore plato forbid that any cereme

fire: moses in his laws ordain’d most severe punishment for this crime: and plato extirpates it out of his Repul

'um guite away, and prostitute'um in commaon to their fellows, according to plato’s law; & whereas they ought

rest of the citizens whatever commoeodities of the illyrians they stood in need of: plato very much blames Mercha

city of athens first taken; which makes me wonder to find hunting commended by plato prince of the Academick
serve all the stratagems, ambuscades, and rules of war? yet the divine plato praises this art, teaches it to his scho s
the Bloud, or the most useful part of the excrement of the meat: plato affirms it to be a deflux of the back-bone-n 1
the example of eudemus, in livia wife of drusus caesar: socates also in plato advises not to let physicians multiply ¢
art of cockery, being the dressing and crdering of victuals: for which reason plate calls it the flatteress of Physic
have convinced by most strenuous arguments: nor shall we speak of the religion of plato or the rest of the philc CO R P U S
others by reason: others constitute infinite realities, as they call um, like plato’s idea's; which some again deny, ¢

, virgil, livie, strabo, varro, seneca, cicero, aristotle and plate: in stead of preaching the gospel, and word of god,

up seven apparitions in dreams, and as many waking: so we read in plato and proculus of socrates, that he

and for all their skill could never double the cape of good hope: where plato ended, our author begins, ub

: [.] # whether therefore the Platonick triad, or the threefold principle mention'd by plato and his followr

favourable interpretation that infers an unity in the trinity, and trinity in unity from plato’s principle: y

asserters of the Platonick trinity do acknowledge: [.] # whether orpheus, trismegist or plato had in

trinity, as relating to the christian mystery, is much more obscurely express'd in plato himself, ©
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Difference of Propositions
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Clustering

Topic Modelling




Textual analysis

* |tis a method of data
analysis that closely
examines either the content
and meaning of texts or their
structure and discourse
(Sharon Lockyer, 2008:885)

a. Standardized. The text used must
be the same across all the tools
being analysed to ensure that
comparisons between tools are
possible.

b. Open. The texts must be easily
accessible and (ideally) free so that
others can acquire them should they
wish to carry out their own analysis.

c. Varied. More than one type of text
should be included and these
should be from a rage of sources
generally of interest within and
across the humanities

a. Standardized. The methods used
should be the same across all texts,
to the point where it should be
(almost automatic).

b. Replicable. The methods used
should be available to anyone who
wants them as recipes including both
instructions and scripts.

c. Varied. More than one type of
analysis should be included to ensure
that a wide user base across the
humanities will be interested in the
results.



Computer-Assisted Textual Analysis Technologies

* According to Rockwell and Sinclair, the foundation of
computer-assisted interpretation is formalization.

* Rockwell, Geoffrey and Sinclair, Stefan,
Hermeneutica: Computer-Assisted Interpretation in
the Humanities, The MIT Press, Cambridge, 2016

* For T.E Clement, CATA Technologies provide new ways of
studying texts in the humanities. They extract, count,
stem, parse, name, disambiguate, collocate,
contextualize, and visualize words as list, line graph, or
histogram

 (Clement, T. E. ““A Thing Not Beginning and Not
Ending”: Using Digital Tools to Distant-Read
Gertrude Stein’s The Making of Americans’. Literary
and Linguistic Computing, vol. 23, no. 3, Sept.
2008, pp. 361-81.)




Computer-Assisted Textual
Analysis Technologies

Text analysis systems can search large
texts quickly.

Text analysis systems can conduct
complex searches.

Text analysis systems can present the
results in ways that suit the study of
texts.




Textual Analysis for all disciplines in
the Humanities

* Rockwell and Sinclair explained that corpus linguistics and
humanists are deploying computer-assisted textual analysis tools
in different ways.

* linguistic tools are often designed to parse a sentence and
generate a formal representation of meaning,

e the humanist tools aim at the interpretation of human
expressions and not in language (18).

* In other words, even when the same corpora are being used by
both humanists and linguists, their methods and goals differ (19).

* Rockwell, Geoffrey and Sinclair, Stefan, Hermeneutica:
Computer-Assisted Interpretation in the Humanities, The
MIT Press, Cambridge, 2016




Technigues used for the
textual interpretation

protocol analysis,

procedural task analysis,
proximity analysis

Textual entailment recognition
Correspondence Analysis
Diachronic Analysis

Distant Reading




Techniques used
for the textual
interpretation

» Keyword based
analysis

* Interpretive
Phenomenological

Analysis
 Narrative Analysis
* Map analysis
 Conversational analysis
« Semiotic




DH Scholars and CATA

e Graphs, maps, trees: abstract models for a literary history
(2005),

e Atlas of the European Novel, 1800-1900

e hypothesis-testing
e computational modelling
e quantitative analysis




DISTANT READING

According to M.G. Phillips et al,
distant reading is a term that
'‘embraces many practices including
data mining, aggregation, text
analysis, and the visual
representation of these practices in
the forms of charts and graphs'

(Phillips et. al. 1731).

a technique that allows us to
extract meaning and think along
with machine by searching, sorting,
grouping, and comparing texts

within large textual data

/




DH TOOLS FOR TEXTUAL ANALYSIS

Voyant: A web-based, dashboard-style tool that allows users to upload a corpora and visualize patterns in various ways.

TAPoOR Portal: It is not a digital humanities tool, but a portal to find curated lists of text analysis tools commonly used in
the field.

Methodica: A Collection of Digital Text Methods. Source: http://www.methodi.ca

Python or R: A high level programming language commonly used in text analysis tools in the digital humanities.
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Word Cloud Function
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Textual Visualization Function

ScatterPlot: A graph visualization of how words cluster in
corpus using document similarity, correspondence analysis
principal component analysis

StreamGraph: A visualization that depicts the change of the
frequency of words in a corpus (or within a single document)

oAt 7
®ub ®gud @oen @ linge 9 oegh
SrallerPlal ?
sptang i Lzbeks lees ]
- “eze F1on Lepanss oy Lasn Ummsot
<1 Dime '
Sime-: inteleat A
10 Dime-:
calspery: docmart
us 3 Beounca Beswndaz  TIMHED
e p—— 2 Prines Swnas T
igge | VIRERE. 1. Frima Far SR
04 5
. l A, Tl P RLTE
¥ said
1 i Dnnug 1 aalooery. b
-0
e | AR - s L) iC=1
P el 18748
b i P -
L anece . man o,
. hivyge i
S ety E)
£ TR
s ey s [
10 [ s L)
roason il
S A L AL A o= | =G- =

Trends: A line graph depicting the distribution of a word's Dreamscape Tool: An experimental tool for explori

occurrence across a corpus or document. .
geospatial aspects of texts.

Trends T
7 DreamScape

®oij ool @ran| @angs | = DLS, Faitaics AR AK.99T12... 1500 e, Sal Lok Chy UTLae Oy
k = 0 w» z

oo
.

,
oo \
oo .

\,
- \\
LS I
" ._\\—\ S —— e
Hoom . N B —
i \\\ " " S
foos R =
e e = —e
Foo _ _ S, ==
S o —— —
e

Compas {Dacumens)




Textual Visualization Function

WordTree
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terms appear more frequently in proximity to

term frequencies

keywords across the entire corpus
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Phrases Tool: A table that shows repeating sequences
of words organized by frequency of repetition or

number of words in each repeated phrase
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Corpus Terms Tool: A table view of term
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2. Prima Secundas
3. Secunda Sacurdas

4 4 Tertia Pars

w v | DOCUumMents: A table of the documents in the
w corpus, including functionality for modifying the

corpus
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Bubblelines Tool: A tool that visualizes the
frequency and distribution of terms Iin a
corpus

"o

T extualArc —rool: A visualiz.ation of the terms In a
document that includes a weighted centroid of terms
and an arc that follovvs the terms in document order.

NMandala T ool: A conceptual visualization tha
showws the relationships betvween terms anc
documents
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Phrases Tool: A tool that shows repeating sequences
of words organized by frequency of repetition or
Nnumber of words in each repeated phrase
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Textual Formalization

Summary

This corpus has 4 documents with 2,235,526 total words and 19,140 unique word forms. Created about 10 hours ago.

Document Length: 7
= Longest: 2. Aqui Summa Theologi. .. (736466); 2. Aquinas_Summa Theologi. .. (508744)
= Shertest: 4. Aquinas_Summa Theologl .. (4851633 1. Aquinas_Surmma Theologl. . (506164)

Vocabulary Density:
- Highest: 4. Aq

summa Theologi. .. (0.021); 2. Adgu

imima Theologi. .. (0.018)

- Lowest: 1. Aquina umma Theologi. .. (0.017); 3. Aqui imma Theologi... (0.018)
Average Words Per ence:
- Highest: 4. Aqg Summa Theologi... 28.9); 3. Aquina umma Theologi... (25.8)

- Lowest: 1. Aquinas_Summa Theologi... (24 7); 2. Aquinas_Summa Theologi... (25.2)

Most frequent words in the corpus: obj (14628); god (12748); man (11023); hings (00684); roply (8589)

Distinctive words (compared to the rest of the corpus):
1. Surnma Theologi (710). WESEREIE (65). BEfSHN (1), REERmINE (100). HE
(7AB), (282), volition (37), cere
(1,112), rollqlnub (618), vow (511), backbiting (87), reviling (83
(644), baptize (179), hypostasis (176), suppositum (143), m: a(gl ©6).

Summary Tool: A tool that provides a simple,
textual overview of the current corpus, including
information about words and documents
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Phrases Tool A table that shows repeating
sequences of words organized by frequency of
repetition or number of words in each repeated
phrase
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Topic tool: A tool that provides a rudimentary way of
generating term clusters from a document or corpus
and then seeing how each topic (term cluster) is
distributed across the document or corpus

Correlations
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Correlations tool: A tool that enables an
exploration of the extent to which term
frequencies vary iIn sync (terms whose
frequencies rise and fall together or inversely)
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Veliza tool An experlmental tool that enables the user
to have a (limited) natural language exchange (in
English) based on the corpus.

Roador

4. Prirma Poars
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Reader Tool: A tool that provides a way of
reading documents in the corpus, text is fetched
as needed.




Voyant Tools

a free, user-friendly, extensively
documented, suite of web-based
environment, and a collection of
tools built on existing techniques
for textual analysis in literary
studies.

tables (using Corpus Collocates,
Keywords, Document Terms,
Corpus Terms, Documents, and
Phrases tools);

used to visualize texts (using
Cirrus, Bubblelines, Knots,
Mandala tools); to generate trees
(using Word Tree Tool),

to quantitatively analyse texts by
performing Word Count (using
Summary Tools), Keywords in
Context (Contexts tool),
Correlation (Correlations tool)
and Topic Modelling (Topic tool);

graphs (using ScatterPlot,
Collocates Graph, StreamGraph,
Trends-line graph tools),

It has a unique tool called ‘Veliza’
— an experimental tool which can
be used for Natural Language
Exchange in English (Stéfan et al.,
2012)




Browse the 1'APPoR collection:

Natural Language Processing

Content Analysis
Organizing

Categories
Analysis
Capture
Collaboration
Creation
Discovering
Dissemination
Enrichment
Interpretation
Modeling
Programming
Publishing
RDF
Search
Storage
Uncategorized
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* Presently, there are over 1,500 technological tools — as collated in

TAPoR 3 collection (Rockwell et al., 2020) being used by scholars in
the humanities in order to make meaning out of the enormous

textual data available online and offline.

TOOLS

Rockwell, Geoffrey.Uszkalo, Kirsten C. Sinclair,Stéfan.

TAPoR 3: Discover research tools for studing texts Source:

http://www.tapor.ca



Other Tools like Voyant

COLLEX -a set of

The 'Patacritical
smmed  Demon' - (Drucker
119).

IVANHOE -an online

JUXTA -a text- tools for assembling

collaborative

playspace and sharing virtual

collections,

comparison tool

AntWordProfiler
(Version 1.4.1) by e
Anthony, L. (2014).

MAXQDA (Udo SimCA 2.0 (Michael IRaMuTeQ (Pierre

Kuckartz,1989), Greenacre,1991) Ratinaud, 2013)
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Home Recipes Tutorials Examples Utilities Backgrounders

Glossary

USER LOGIN

.............................................................

Username *

Password *

Map Locations from a Corpus

Request new password

Login

LATEST RECIPES

Learn how to identify the locations named in a corpus and generate a map of the results. Sentiment Analysis: SVM vs. Naive Bayes

This recipe will compare two machine learning
approaches to see which is more likely to give

an accurate analysis of sentiment...

Rockwell, Geoffrey.Owino, Antony.Whistance-Smith, Jason. Bradshaw, Gregory.Zhang, Jinman. Kaitlyn and Grant, Kynan Ly.
METHODICA: A Collection of Digital Text Methods. Source: http://www.methodi.ca



INTRODUCTION

This recipe will compare two machine learning approaches to see which is more likely to

give an accurate analysis of sentiment. Both approaches analyse a corpora of positive and

negative Movie Review data by training and thereafter testing to get an accuracy score. The
techniques are Support Vector Machines (SVM) and Naive Bayes. This recipe is based on

Jinman Zhang's iPython Notebook found on TAPoR Github repository.

INGREDIENTS

e Python3

e sklearn

e NumPy

e Corpora
e Polarity dataset v1.1 (2.2Mb)
e Polarity dataset v0.9 (2.8Mb)

Provenance: Jinman Zhang's Notebook




INTRODUCTION

This recipe with show you how to prepare Voronoi diagrams, one way of showing
relationships between words in a text and a search term. In order to do this, we will employ
the use of word embeddings. These represent individual words in a text as real-valued
vectors in a confined vector space. This recipe is based on Kynan Ly's cookbook as seen on

this notebook.

INGREDIENTS

Python 3

NLTK

Scipy

Matplotlib

Regular Expressions (Regex)

Shapely

http://metho
di.ca/recipes
/Voronoi-
diagram-

word-
embedding




Creating a BasiC web scraper wiin ryinon

INTRODUCTION

This utility is for creating a simple web scraper with Python.

INGREDIENTS

e Python 3
® A notebook editor such as Jupyter

e Example code from The Art of Literary Text Analysis (forthcoming)

e Create a text file listing the url's to scrape from, with each url on a new line

e Create a list of urls to scrape by reading a string from the file and splitting it on the
newline character

e Import the urllib.request library

e Try and scrape a page that you know works

http://metho
di.ca/conten
t/creating-
basic-web-
scraper-
python




Tokenization using NLTK

INTRODUCTION

Tokenization is the process of splitting a sentence or a chunk of text into its constituent h h
parts. These “tokens” may be the letters, punctuation, words, or sentences. They could even tt p -// m et O

be a combination of all these elements. This recipe was adapted from a Python Notebook i i
PRESELL 3’ di.ca/recipes

written by Kynan Lee.

/tokenization
-using-nltk

INGREDIENTS

The Natural Language Toolkit (NLTK) module

NLTK tokenization libraries: word_tokenize, TweetTokenizer, MWETokenizer,
sent_tokenize.

A text to analyze.

Sample tokenization code on TAPoR.




Study Vocabulary Change over Time in an
Existing Corpus

INTRODUCTION

This recipe uses Voyant Tools to explore vocabulary change over time in a corpus of 7
Canadian Throne Speeches (from 2006 to 2013).

INGREDIENTS

e A corpus of seven Canadian Throne speeches spanning over seven years (the speeches
were compiled from a Canadian parliamanetary site - only the filenames were modified
to better indicate the year and session of the speech)

e A general-purpose text analysis suite like Voyant Tools
Questions

1. What terms occur consistently across the seven years of the corpus?

2 What Aacriimant ie mact iinnienal?

http://metho
di.ca/recipes
/study-
vocabulary-
change-over-
time-
existing-
COrpus




Text Classification by Topic

INTRODUCTION

This recipe will show you how to classify text into general topics. We will use supervised
machine learning model called Support Vector Machines (SVM) and the 20
Newsgroups subject matter data set as the topic classifier. This recipe is based on Jinman

Zhang's Cookbook.

INGREDIENTS

e Python3
20 Newsgroups Dataset
sklearn
NumPy

Provenance: Jinman Zhang's Notebook

STEPS

http://metho
di.ca/recipes
/text-

classification
-topic




Methods, Tools, and Techniques

* Index Text Files with Python for Rapid Information

Retrieval l l l l l l

* http://methodi.ca/content/index-text-files-python-
rapid-information-retrieval

* Counting Word Frequencies with Python(From the
Programming Historian)

* http://methodi.ca/content/counting-word-
frequencies-pythonfrom-programming-historian

* Dictionary Based Sentiment Analysis in Python

e http://methodi.ca/content/dictionary-based-
sentiment-analysis-python

* Simple Sentiment Analysis Using Python

* http://methodi.ca/recipes/simple-sentiment-
analysis-using-python



http://methodi.ca/content/index-text-files-python-rapid-information-retrieval
http://methodi.ca/content/counting-word-frequencies-pythonfrom-programming-historian
http://methodi.ca/content/dictionary-based-sentiment-analysis-python
http://methodi.ca/recipes/simple-sentiment-analysis-using-python

Methods, Tools, and Technigques

* Multiple Correspondence Analysis and Content Analysis
* http://methodi.ca/recipes/multiple-correspondence-analysis-and-content-analysis

* Twitter Analysis and Text Research (TATR)

* http://methodi.ca/content/twitter-analysis-and-text-research-tatr

* Graphing Data in Python
e http://methodi.ca/recipes/graphing-data-python

* Analyze a Text's Parts of Speech with Python
* http://methodi.ca/recipes/analyze-texts-parts-speech-python

* Analyzing Repeating Phrases (ngrams) with Python
* http://methodi.ca/recipes/analyzing-repeating-phrases-ngrams-python


http://methodi.ca/recipes/multiple-correspondence-analysis-and-content-analysis
http://methodi.ca/content/twitter-analysis-and-text-research-tatr
http://methodi.ca/recipes/graphing-data-python
http://methodi.ca/recipes/analyze-texts-parts-speech-python

Methods, Tools, and Technigques

* TATR: Graphing Twitter Data
* http://methodi.ca/recipes/tatr-graphing-twitter-data

e Build a Social Network Map from a Text — Voyant

* http://methodi.ca/recipes/build-social-network-map-text

* Compare Texts to Verify Authorship

* http://methodi.ca/recipes/compare-texts-verify-authorship

* Index Text Files with Python for Rapid Information Retrieval
e http://methodi.ca/recipes/index-text-files-python-rapid-information-retrieval
 TATR: Panda and CSV of Tweets

* http://methodi.ca/recipes/tatr-panda-and-csv-tweets



http://methodi.ca/recipes/tatr-graphing-twitter-data
http://methodi.ca/recipes/build-social-network-map-text
http://methodi.ca/recipes/compare-texts-verify-authorship
http://methodi.ca/recipes/index-text-files-python-rapid-information-retrieval
http://methodi.ca/recipes/tatr-panda-and-csv-tweets

Methods, Tools, and Technigques

* Scrape Comments from a YouTube Video

* http://methodi.ca/recipes/scrape-comments-youtube-video

* Explore A Text in a Foreign Language —Voyant

* http://methodi.ca/recipes/explore-text-foreign-language

* Exploring Word Sense and Tense in a Simple Text - Voyant

* http://methodi.ca/recipes/exploring-word-sense-and-tense-simple-text

* Identify Simple Themes within a Text — Voayant

* http://methodi.ca/recipes/identify-simple-themes-within-text

* Explore Themes Within a Text

* http://methodi.ca/recipes/explore-themes-within-text

* Analyze Blog Discourse — Voyant

* http://methodi.ca/recipes/analyze-blog-discourse



http://methodi.ca/recipes/scrape-comments-youtube-video
http://methodi.ca/recipes/explore-text-foreign-language
http://methodi.ca/recipes/exploring-word-sense-and-tense-simple-text
http://methodi.ca/recipes/identify-simple-themes-within-text
http://methodi.ca/recipes/explore-themes-within-text
http://methodi.ca/recipes/analyze-blog-discourse

What is Python all about?

It is a general purpose programming language
It is incredibly powerful.

It has a very large and growing set of external modules (or
blocks of code) written by other programmers

It is an interpreted language.




Twitter APl with Python: Part 1 — Streaming Live Tweets
X

Data Mining
and Analysis




Data Visualization

® convert raw data into
pictorial representation

® represent the
guantitative information
in a graphical form.



€ Downloading MALLET - Google Chrome
- | |-

MALLET

machine leaming for longuoge toalkit

C {Y @ Notsecure | mallet.cs.umass.edu/download.php

MAchine Learning for LanguagE Toolkit

Home

Tutorial slides video
Download

APT

Quick Start

Sponsors

Mailing_List

About

Importing Data
Classification
Sequence Tagging
Topic Modeling
Optimization
Graphical Models

License
cite MALLET

Current release: The following packaged release of MALLET 2.0 is available:

mallet-2.0.8.tar.gz mallet-2.0.8.7ip

Windows installation: After unzipping MALLET, set the environment variable %MALLET_HOME% to point to the
MALLET directory. In all command line examples, substitute bin\mallet for bin/mallet.

Development release: To download the most current version of MALLET 2.0, use our public GitHub repository:

git clone https://github.com/mimno/Mallet.git

from the command prompt to get the Mallet package.

To build a Mallet 2.0 development release, you must have the Apache ant build tool installed. From the command
prompt, first change to the mallet directory, and then type

ant

If ant finishes with "BUILD SUCCESSFUL", Mallet is now ready to use.

If you would like to deploy Mallet as part of a larger application, it is helpful to create a single ".jar" file that
contains all of the compiled code. Once you have compiled the individual Mallet class files, use the command:

ant jar

Mallet: A machine learning software program that
is used through the command line with Python.

: mallet-2.0.8.zip o~




* NLTK is a leading platform for
building Python programs to
work with human language
data. It provides easy-to-use
interfaces to over 50 corpora
and lexical resources such as
WordNet, along with a suite of
text processing libraries for
classification, tokenization,
stemming, tagging, parsing, and
semantic reasoning.



http://nltk.org/nltk_data/
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Beautiful Soup 4.4.0 documentation »

Table Of Contents Beautiful Soup Documentation

p Documentation
Beautiful Soup is a Python library for pulling data out of HTML and XML files. It works with your favorite parser to provide idiomatic ways of navigating, searching, and modifying the parse tree_ It
commonly saves programmers hours or days of work.

These instructions illustrate all major features of Beautiful Soup 4, with examples. | show you what the library is good for, how it works, how to use it, how to make it do what you want, and what to do
when it violates your expectations.

The examples in this documentation should work the same way in Python 2.7 and Python 3.2.

You might be looking for the documentation for Beautiful Soup 3. If so, you should know that Beautiful Soup 3 is no lenger being developed and that support for it will be dropped on or after December
31, 2020. If you want to learn about the differences between Beautiful Soup 3 and Beautiful Soup 4, see Porting code to BS4.

(o

This documentation has been translated into other languages by Beautiful Soup users:

i SCHEEINET PR

o COR—VERFETHETEZTONRY )

« O] BAE $20] HAL JpsBLCH

o Este documento também esta disponivel em Portugués do Brasil.

. 4
]

Getting help

If you have questions about Beautiful Soup, or run into problems, send mail to the discussion group. If your problem involves parsing an HTML document, be sure to mention what the diagnose() function says about that document

ped_strings

up
nt .

Beautiful Soup: A web-scraping tool and a python
library for pulling data out of HTML and XML files.

from bs4 import BeautifulSoup
soup = BeautifulScup(html_doc, ‘"html.parser®)

§ mallet-2.0.8.zip A Show all




€ TedBlob: Simplified Text Processing — TextBlob 0.15.2 documentation - Goegle Chrome
- | = 1 - o= | :

C {Y @ textblob.readthedacs.iofen/dev/

TextBlob: Stmplified Text Processing

Release v0.15.2. (Changelog)

TextBlob is a Python (2 and 3) library for processing textual data. It provides a simple API for

diving into common natural language processing (NLP) tasks such as part-of-speech tagging, noun

T tBl b phrase extraction, sentiment analysis, classification, translation, and more.

from textblob import TextBlob
C) star 6,690

text = '
TextBlob is a Python (2 and 3) The titular threat of The Blob has always struck me as the ultimate movie
monster: an insatiably hungry, amoeba-like mass able to penetrate

library for processing textual data. [t

=Ta =) =Ye =) - ~Ta¥=la = O _ o = afalaliil=-Ya afa - Chillingly

TextBlob: A Python (2 and 3) library for processing textual data. It provides a simple API for
diving into common natural language processing (NLP) tasks such as part-of-speech tagging,
noun phrase extraction, sentiment analysis, classification, translation, and more.

a 1 2 2 J
TextBlob @ PyPI # ('threat’', 'NN'), ('of', 'IN'),

TextBloh @ GitHuh
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SpaCy USAGE MODELS API UNIVERSE (]

Industrial-Strength
Natural Language
Processing

IN PYTHON

Get things done Blazing fast Deep learning

spaCy is designed to help you do real work spaCy excels at large-scale information
— to build real products, or gather real extraction tasks. It's written from the ground

spaly is the best way to prepare text for
deep learning. It interoperates seamlessly
it-learn,

0's awesome Al

spaCy: A free open-source library for Natural Language Processing
in Python. It features NER, POS tagging, dependency parsing, word
vectors and more.




“Digital Humanities is not just
about building things but also
include those who theorize
about building, those who
design so that others might
build, those who supervise
building, and those who are
working to re-build systems”

Stephen Ramsay







